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ABSTRACT

Social value in corporate management is getting attention. The retail industry, especially the franchise
business, is eager to find ways to socially coexist in the relationship between franchisers and franchisees.
The franchise business is to provide franchisee entrepreneurs with the proven business know-how at
certain amount of fee and to help them continue to gain business benefits.

It is claimed that the franchiser has made unreasonable pushes without properly informing the
franchisee or future franchisees for making the right decision. One needs to know the exact information
in order to solve the problem. It is difficult to know the real competitiveness of the headquarters and the
management ability of the franchiser.

In this study, neural network models that explain the sales of the franchiser and the average sales of
franchisee stores are proposed and compared with traditional regression analysis in order to enable more
accurate decision making. Using the three years' data in the Fair Trade Commission’s Franchisee
Information Disclosure Documents, we divide franchise into service, food service, and retail industries,
and 23 recurring variables are used as independent variables.

Of the total of 2459 samples, 1967 were used as training samples and 492 samples as testing samples.
The traditional linear regression analysis, and the simple neural network, and the deep neural network
with four hidden layers, and the recurrent neural network were used to compare on RMSE/MAPE of
their predictions. It was judged that the optimal model is somewhere between the simple neural network
and the deep neural network.

In addition, two new methods were proposed to calculate the importance of independent variables of
neural networks. Among the variables, the number of employees, asset size, capital and debt of the head
office are affecting the sales of franchiser. In addition, it suggested methods to judge existing franchiser
based on their status of independent variables, and methods to evaluate the franchiser when attempting to

open a new merchant for entrepreneur.

Keywords: Neural Network, Franchise Business, Franchisee Sales, Model Comparison, Sensitivity
Analysis

Juyoung Kim | Professor, Sogang Business School
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